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Introduction

Data Assimilation

•Using field data and modeled data to create a basis
for prediction

•To create these "means" we use algorithms: filters

• Ensemble Kalman/Particle
•Ability to take dynamic, multi-variable systems and

assimilate
•Commonly found in weather forecasting
[1]
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Background

Kalman Filter

•Baye’s Rule:
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to create Kalman Equation:
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•E�ective for lower dimensional systems
•Higher dimensional systems require an ensemble of

x

b’s to create an ensemble of x

a’s
•

Ensemble Kalman Filter

Methods

•Assimilate the Lorenz ’96 model:
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Figure 2: The Cyclical Lorenz ’96 System [2]

•Create "field data" y through simulation
•Create an ensemble of x

b’s from the Lorenz ’96

Figure 3: R = 10 Figure 4: P
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•Assimilate y to the x

b’s to create an ensemble of x

a’s

Conclusion/Continued Research
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•Next Step: Developing a Particle Filter to asses the
parameter of Lorenz ’96:
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•By filtering, find ◊

k

’s that reduce error in assimilation
of Ensemble Kalman Filter
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